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 Bruce E. Hansen. A modern Gauss—Markov theorem.

Econometrica 2022.

* This paper presents finite sample efficiency bounds for
the core econometric problem of estimation of linear

regression coefficients. We show that the ¢
Markov Theorem can be restated omittin
restriction to linear estimators, without add

assical Gauss-
’ghe unnatural
INng any extra

conditions. Our results are lower bounds on the variances

of unbiased estimators. These lower bound

s correspond

to the variances of the the least squares estimator and

referring to these estimators as BLUE, they

the generalized least squares estimator, depending on
the assumption on the error covariances. These results
show that we can drop the label "linear est

iImator" from

the pedagogy of the Gauss-Markov Theorem. Instead of

can

legitimately be called BUE (best unbiased estimators).
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